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A Study of the Application of Artificial Intelligent Prediction Technology

in Film and Television Production
Zhu Lian

Abstract: The development of artificial intelligence makes possible the application of intelligent prediction technology in film and

television creations. The intelligent prediction technology can provide decisions and suggestions for the early stage preparation of produc-

tion, offer optimization proposals for contents, raise audience ratings and lower the failure risks. During the launch of the show, the in-

telligent prediction technology extracts valuable information from the sea of data by machinery intelligence, and constructs and optimizes

prediction calculation. It gets the neurological data of the trial audience through cognitive intelligence, and constructs prediction models

combined with the behavioural data. Simultaneously, intelligence prediction should also concern the four issues of the privacy safety,

education aesthetics, discrimination and prejudice, and the commercial control, so as to ensure the sound development of the film and

television industry.

Key words: TV and film production; intelligence television and film industry; market prediction; cognitive neuro science
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